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Chapter 1

Topological prerequisites

1.1 Topological spaces

A topological space is a set X equipped with a collection O of subsets of X’
that are called open sets, such that

(i) If (O,)yer is any collection of (possibly uncountably many) sets O, €
O, then |, O, € O.

yerl’

(11) If Ol, 02 € O, then 01 N 02 e 0.
(iii) 0, X € O,

Any such collection of sets is called a topology. It is fairly standard to also
assume the Hausdorff property

(IV) For each x1,To € X, 1 7é T 301702 € O s.t. 0,N0y = @, T € 01,
To € 02.

A set V C X is a neighbourhood of a point x € X if x € O C V for some
O € O. We let V, denote the set of all neighbourhoods of x. A fundamental
system of neighbourhoods of x is a set V., C V, such that

vWwey, V' eV, st. Vi Cc V.

For example, the set of all O € O such that x € O is a fundamental system
of neighbourhoods of x. A sequence of points z, € X converges to a limit
x in a given topology O if for each V € V, there is an n such that z,, € V
for all m > n. It suffices to check this condition for a fundamental system of
neighbourhoods V.. If the topology is Hausdorff, then limits are unique, i.e.,
x, — x and z, — ' implies x = 2/



6 CHAPTER 1. TOPOLOGICAL PREREQUISITES

If (X,0) is a topological space (with O the collection of open subsets of
X) and X’ C X is any subset of X', then X” is also naturally equipped with
a topology given by the collection of open subsets @' :={0ON&": 0 € O}.
This topology is called the induced topology from X. If z,,x € X', then
x, — x in the induced topology on X" if and only if z,, — x in X.

A basis of a topology is a subset O’ C O such that each element of O
can be written as the union of (possibly uncountably many) elements of O'.
Equivalently, this says that

O={0CX:V2c030 €O st.x€0 CO).

If @ is a basis for O, then V., := {0 € O’ : x € O} is a fundamental system
of neighbourhoods of z. A topology is first countable if every x € X has
a countable fundamental system of neighbourhoods. A topology is second
countable if there exists a countable basis of the topology.

A set C C X is called closed if its complement is open. Because of
property (i) in the definition of a topology, for each A C X', the union of all
open sets contained in A is itself an open set. We call this the interior of
A, denoted as int(A) :=(J{O : O C A, O open}. Then clearly int(A) is the
largest open set contained in A. Similarly, by taking complements, for each
set A C X there exists a smallest closed set containing A. We call this the
closure of A, denoted as A := (N{C : C D A, C closed}. If the topology is

first countable, then
A={r € X : 3z, € X st. z, = 1}, (1.1)

i.e., A is the set of all limits of sequences in A. A similar statement holds
for general topological spaces if we replace sequences by the more general
concept of a net, that we will not discuss here. Since a set is closed if and only
if it coincides with its closure, it follows from that in a first countable
topological space, knowing all convergent sequences and their limits uniquely
determines the closed sets and their complements, the open sets, and hence
the whole topology.

A topological space is called separable if there exists a countable set D C
X such that D is dense in X, where we say that a set D C X is dense if
its closure is X', or equivalently, if every nonempty open subset of X has a
nonempty intersection with D.

A metric on a set X is a function d : X x X — [0,00) such that for all
x,y,z € X,

(i) d(z,y) = d(y,z),
(il) d(z,z) < d(z,y) + d(y, 2),
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(iii) d(x,y) = 0 implies = = y.

A metric space is a space with a metric defined on it. If d is a metric on X,
and B.(z) :={y € X : d(x,y) < £} denotes the open ball around z of radius
g, then

O:={0CX:Vze0 I >0st Bfzx) CO}

defines a Hausdorff topology on & such that convergence x,, — x in this
topology is equivalent to d(x,,x) — 0. Note that the open balls form a
basis for this topology. Since open balls of radius 1/n around a point = form
a fundamental system of neighbourhoods, metric spaces are first countable.
We say that the metric d generates the topology O. If for a given topology
O there exists a metric d that generates O, then we say that the topological
space (X, 0) is metrisable. Such a metric, if it exist, can always be chosen
such that it is bounded. For example, if d is any metric on X, then d'(z,y) :=
d(x,y)A1is a bounded metric that generates the same topology. A metrisable
space is always first countable. It is second countable if and only if it is
separable.

A sequence z,, in a metric space (X,d) is a Cauchy sequence if for all
e > 0 there is an n such that d(zy,z;) < € for all k,1 > n. A metric
space is complete if every Cauchy sequence converges. Every metric space
(X,d) has a completion, i.e., there exists a complete metric space (X, d) such
that X C X is dense and the metric on X is the induced metric from X,
ie., d(z,y) = d(z,y) for all z,y € X. Such a completion is unique up to
isometries.

A Polish space is a separable topological space (X, Q) such that there
exists a metric d on X with the property that (X,d) is complete and d
generates O. Warning: there may be many different metrics on X that
generate the same topology. It may even happen that X is not complete
in some of these metrics, and complete in others (in which case X is still
Polish). Example: R is separable and complete in the usual metric d(z,y) =
|xr — y|, and therefore R is a Polish space. But d'(x,y) := |arctan(z) —
arctan(y)| is another metric that generates the same topology, while (R, d’)
is not complete. (Indeed, the completion of R w.r.t. the metric d’ is [—o00, o¢0].)

1.2 Compactness

A subset K of a general topological space X (with collection of open sets
O) is called compact if every open cover has a finite subcover, i.e., if for any
collection (O, )er of open subsets of X such that |, . O, D K, there exists
a finite A C I' such that U'yEA O, D K. Using this definition, it is easy to
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see that the image of a compact set under a continuous function is again
compact. Compact subsets of Hausdorff topological spaces are closed. A
subset K of a metric space X is compact if and only if it is closed and totally
bounded, which means that for every ¢ > 0 there exists a finite collection
{B:(x1),...,B:(z,)} of open balls such that

B.(z1)U---UB:(z,) D K.

From this, it is not hard to see that compact metrisable spaces are always
separable. If (x,),en is a sequence and m : N — N is a function such that
m(n) — oo as n — oo, then setting !, := Xp) (n € N) defines a new
sequence. Such a sequence is called a subsequence of the original sequence.
A cluster point of a sequence is a limit of a subsequence.

Theorem 1.1 (Bolzano-Weierstrass) Let X' be a metrisable space and
let K C X. Then K is compact if and only if every sequence in K has a
subsequence that converges to a limit in K.

The Bolzano-Weierstrass theorem also holds for second countable spaces.
(Note that metrisable spaces need in general not be second countable, and
conversely, not every second countable space is metrisable.) There is also a
version of the Bolzano-Weierstrass theorem that holds in general topological
spaces but in this case one has to replace sequences by the more general nets.
A set A is precompact if its closure is compact. In metrisable spaces, this
is equivalent to the statement that each sequence of points z, € A has a
convergent subsequence. Note that in this case we do not require that the
limit is an element of A. The following simple lemma is often useful.

Lemma 1.2 (Convergence and compactness) Let X' be a metrisable
space and let x,x, € X. Then x, — x if and only if the following two
conditions are satisfied.

(i) The set {x, : n € N} is precompact.

(i) For every subsequence Tp(m) such that xnm,) — ' for some 2’ € X,
m—r0o0

one has ¥’ = x.

If (X, Q) is a topological space, then a compactification of X is a compact
topological space X such that X is a dense subset of X and the topology
on X is the induced topology from X. If X' is metrisable, then we say that
X is a metrisable compactification of X. It turns out that each separable
metrisable space X has a metrisable compactification [Cho69, Theorem 6.3].

A topological space X is called locally compact if for every x € X there
exists a compact neighbourhood of x. We cite the following proposition from
[Eng89, Thms 3.3.8 and 3.3.9].
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Proposition 1.3 (Compactification of locally compact spaces) Let X
be a metrisable topological space. Then the following statements are equiva-
lent.

(i) X is locally compact and separable.

(ii) There exists a metrisable compactification X of X such that X is an
open subset of X.

(iii) For each metrisable compactification X of X, X is an open subset of X .

We note that if X' satisfies the equivalent conditions of Proposition [1.3]
then it is possible to find a metrisable compactification X of X such that X'\ X
consists of just one point, usually denoted by co. In this case, X = X' U{oo}
is called the one-point compactification of X. The open sets of X' U {oco} are
all open sets of X plus all sets of the form {oo} UO where X\O is a compact
subset of X.

A subset A C X of a topological space X is called a Gg-set if A is
a countable intersection of open sets (i.e., there exist O; € O such that
A =7Z,0; If X is metrisable, then every closed set A C X is a Gs-set,
since it is the intersection of the open sets {z € X : d(z,A) < 1/n}. The
following result can be found in [Bou58, §6 No. 1, Theorem. 1]. See also
[Oxt80, Thms 12.1 and 12.3].

Proposition 1.4 (Compactification of Polish spaces) Let X' be a metris-
able topological space. Then the following statements are equivalent.

(i) X is Polish.

(ii) There exists a metrisable compactification X of X such that X is a
Gs-subset of X.

(iii) For each metrisable compactification X of X, X is a Gs-subset of X.

Moreover, a subset Y C X of a Polish space X is Polish in the induced
topology if and only if Y is a Gs-subset of X.

We note that if X is a compactification of a Polish space X, equipped with
a concrete metric, then X is also the completion of X in this metric. Thus,
unless & is itself compact, it will never be complete in such a metric (even
though, by the definition of a Polish space, there exists metrics generating
the same topology with respect to which X" is complete).
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1.3 Decomposition of measures

Let (X,F) be a measurable space and let (),B())) be a Polish space,
equipped with its Borel-o-field. By definition, a probability kernel from X to
Y is a measurable map

Xz Kz, ) € Mi()).

Since the Borel-o-field on M;(}) is generated by the maps u +— u(A) with
A € B(Y), the measurability of K is equivalent to the statement that for each
A € B(Y), the function K(-,A) is a measurable real function on X. More
generally, if (), B())) is replaced by a general measurable space (), G), then
we define a probability kernel from X to ) to be amap K : X x G — [0, 1]
such that K (x, -) is a probability measure on ) for each z € X and K (-, A)
is a measurable real function on X for each A € G. With these definitions,
one has the following result.

Theorem 1.5 (Decomposition of probability measures) Let (X, F)
and (Y,G) be a measurable spaces. Let jn be a probability measure on X
and let K be a probability kernel from X to Y. Then there exists a unique
probability measure v on X X Y, equipped with the product-o-field, so that for
any measurable function f: X x Y — [0, 0],

/ F.y)w(d(e,y) = / u(da) / K, dy) (2, y), (1.2)

where on the right-hand side, x — [ K(x,dy)f(x,y) is a measurable function
on X that is integrated against .

Assume that moreover, (Y,G) = (¥, B(Y)) is a Polish space equipped with
its Borel-o-field. Then conversely for each probability measure v on X X Y,
there exist a probability measure p on X and probability kernel K from X
to Y such that holds. If holds, then p s the first marginal of
v. Moreover, determines the kernel K a.s. uniquely, i.e., if K, K' are
probability kernels so that holds both for K and K', then there exists a
set N € F with u(N) = 0 such that K(x, -) = K'(x, ) for all z € X\N.

We note that by subtracting a constant, we see that holds more
generally for functions f that are bounded from below.

The deep part of Theorem is the existence of K given v;. this may fail
in general if the Polish space (), B())) is replaced by an arbitrary measurable

space (),G). Formally, we may define a ‘measure’ p on X with values in
Mi(Y) by p(A) :==v(A x -) (A € F). Letting u denote the first marginal
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of v, we obviously have p(A) = 0 whenever u(A) = 0, i.e., formally p < p.
Now (|1.2)) says that

p(A) = / u(dz) K (z, ),

which we can formally read as saying that p has a density with respect to u,
which is given by the function x — K(z, - ). Thus, Theorem amounts to
proving something like a Radon-Nikodym theorem for functions and measures
with values in M;(Y). In fact, if we are just interested in K (-, B) for one
fixed B € B(Y), then (1.2)) says that

V(A x B) = /Au(dx)K(:c, B) (AeF) (1.3)

Since v(- x B) < p (where pu is the first marginal of v), the usual Radon-
Nikodym now tells us that for this fixed B, there exists an a.s. unique function
K(-,B) such that holds. This argument does not tell us, however,
whether for fixed z, we can choose K(z, -) such that it is a probability
measure. Theorem tells us that that such a regular version of K exists.

Corollary 1.6 (Regular conditional probability) Let Y be a random
variable defined on an underlying probability space (2, F,P) and taking values
in some Polish space )Y, and let G C F be a sub-o-field. Then there exists
a My(Y)-valued random variable P[Y € -|G], which is unique up to a G-
measurable set of probability zero, such that

(i) P[Y € -|G] is G-measurable.
(i) E[14P[Y € B|G]| =E[lalyyvepy for all A G, B € B(Y).

Proof It is not hard to see that there exists a unique probability measure
on w x Y, equipped with the o-field G ® B()), such that

[ () fe) = [Pldo) o (@)

for all f:w x Y — [0,00] that are measurable w.r.t. G ® B()). Applying
Theoremto v, we obtain a G-measurable, M (})-valued random variable
PlY € -|G] (i.e., a probability kernel from (£2,G) to )), unique up to a G-
measurable set of probability zero, such that

B Y @) = [Paw) [BY € dylgiw) flow
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By the uniqueness theorem (applied to v), to verify this equation, it suffices
to check it for functions f of the form f = 1445 with A € G and B € B()).
Thus, P[Y" € -|§G] is a.s. uniquely determined by the requirement that

E[1.P[Y € B|G]] = /P(dw)IP[Y € dy| Gl(w)laxp(w,y)
= V(A X B) = E[lAl{y:B}].

1.4 Weak convergence

Let X be a Polish space. We let B(X) denote Borel-o-field on X, i.e., the
o-field generated by the open sets. We let C(X) denote the space of all
continuous functions f : X — R. We let B,(&X) denote the space of all
bounded Borel-measurable real functions on & and we let Cp(&X') := C(X) N
By,(X) denote the space of all bounded continuous real functions on X'. We
equip with Cp(X) with the supremumnorm

[flloo := gsclelglf(ﬂf)!'

With this norm, C,(X) is a Banach space [Dud02, Theorem 2.4.9]. We let
M(X) denote the space of all finite measures on (X, B(&X')) and write M;(X)
for the subspace of all probability measures. We cite the following well-known
fact from [EK86, Theorems 3.1.7 and 3.3.1].

Proposition 1.7 (Weak convergence) [t is possible to equip My (X) with
a metric dp such that

(i) (M1(X),dp) is a separable complete metric space,

(i) dp(pin, ) = 0 if and only if [ fdp, — [ fdu for all f € Cy(X).

The precise choice of dp (there are several canonical ways to define such a
metric) is not important to us. Since a metrisable topology is uniquely char-
acterized by its convergent sequences, property (ii) uniquely characterizes
the topology generated by dp in terms of the topology on X. (In particular,
this topology does not depend on the choice of the complete metric d on X
or the precise definition of the metric dp.) We call this topology the topology
of weak convergence and denote convergence in this topology as

[ = H.
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By property (i), the space M;(X) equipped with the topology of weak con-
vergence is a Polish space. One also has the following well-known character-
ization of weak convergence [EK86, Theorem 3.3.1].

Lemma 1.8 (Characterization with open and closed sets) Let p,, and
1 be probability measures on a Polish space X. Then the following statements
are equivalent.

(i) pn = p.
(i) limsup,,_, pn(C) < p(C) for all closed C C X.
(iii) lminf, e 11, (O) > u(O) for all open O C X.

Exercise 1.9 (Measures concentrated on a subset) Let X' be a Polish
space and let X' C X be a Gs-set, equipped with the induced topology. We nat-
urally identify Mq(X") with the subset of My (X) consisting of all 1 € M;(X)
such that p(X’) = 1. Show that the topology on My(X’) coincides with the
induced topology from its embedding in My (X). (Hint: Lemmal[l.8) Use this
to conclude that Mq(X') is a Gs-subset of My(X). (Hint: Proposition[1.4)).

A very useful characterization of weak convergence in terms of coupling
is given by the next theorem [EK86, Cor 3.1.6 and Thm 3.1.8].

Theorem 1.10 (Skorohod representation) Let p,, and p be probability
measures on a Polish space X. Then p, = i if and only if it is possible to
couple random variables X,, X with laws pu,, u, respectively, in such a way
that X,, — X a.s.

The next result is known as Prohorov’s theorem (see, e.g., [EK86, Theo-
rem 3.2.2] or [Bil99, Theorems 5.1 and 5.2]).

Theorem 1.11 (Prohorov) Let X’ be a Polish space. Let M1(X') be equipped
with the topology of weak convergence. Then a subset C C My (X)) is precom-
pact if and only if C is tight, i.e.,

Ve > 0 3K C X compact, s.t. sup u(X\K) <e.
nec

1.5 Locally uniform convergence

Let E be a metric space and let I C R be a closed interval. We let C;(FE)
denote the space of all continuous functions w : I — R.
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Lemma 1.12 (Locally uniform convergence) For w,,w € C;(E), the
following conditions are equivalent:

(i) supd(wn(t), w(t)) — 0 for all compact C C I,
teC n—0o0

(i) wp(t,) — w(t) for all t,,t € I such thatt, — t.
n—oo

n—oo
Proof Assume (i) and let ¢,,t € I satisfy ¢, — ¢. By Lemma (i), there
n—0o0

exists a compact set C' C [ such that ¢,, € C for all n (and hence also t € C).
Then for each € > 0, there exists an N < oo such that d(w,(t),w(t)) < e for
all n > N. Now

d(wy(tn), w(t)) < d(wa(t,), w(ty)) + d(w(t,), w(t)) <e+d(w(t,), wt))
for all n > N, and hence

lim sup d(wy (t,), w(t)) < e
n—oo
by the continuity of w. Since € > 0 is arbitrary, this shows that (i) implies
(ii). On the other hand, if (i) fails for some compact C' C I, then we can
choose t,, € C' and € > 0 such that

d(wn(tn),w(tn)) >e Vn.

Since C' is compact, by going to a subsequence, we can without loss of gen-
erality assume that ¢, — ¢ for some t € C. Since

d(w,(ta), w(t)) > d(wa(tn), w(t,)) — d(w(t,),w(t)) > e+ d(w(t,),w(t)),
using the continuity of w, we see that

lim inf d(wy, (t,), w(t)) > e,

n—o0

which contradicts (ii). |

There exists a metrisable topology on C;(F) such that a w,, € C;(E) con-
verges to a limit w if and only if the equivalent conditions of Lemma [1.12
are satisfied. Note that by and the remarks below it, these condi-
tions uniquely determine the topology. Note also that by condition (ii) of
Lemma , the topology on C;(F) depends only on the topology on E and
not on the precise choice of the metric on E. A possible choice of a metric
on C/(E) is

p(v,w) == 27" sup d(v(t),w(t)),

n—1 te[0,n]
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where d is a bounded metric that generates the topology on E. Such a metric
can always be found: if d is any metric generating the topology on E, then
d'(z,y) :=d(z,y) A 1is a bounded metric that generates the same topology.
Usually, we do not care about the precise choice of the metric on C;(F); apart
from p, there are many other possible choices. We call this the topology on
Ci(E) the topology of locally uniform convergence.

1.6 The Hausdorff metric

Let (E,d) be a metric space, let IC(F) be the space of all compact subsets of
E and set K, (F) := {K € K(E) : K # (0}. Then the Hausdorff metric dy
on K, (F) is defined as

dy(Ky, Ks):= sup inf d(xy,29)V sup inf d(zq,x9)

z1eK, T2€K2 zo€ Ko T1€K1 (1 4)
= sup d(v1,K2)V sup d(zq, K1), '
z1€K1 z2€K2

where d(x, A) := inf,c4 d(z,y) denotes the distance between a point z € E
and a set A C E. The corresponding topology is naturally called the Haus-
dorff topology. Note the subtle difference between “the Hausdorff topology”
(the topology generated by the Hausdorff metric) and “a Hausdorff topol-
ogy” (any topology satisfying condition (iv) of Section [I.1)). We extend this
topology to K(FE) by adding () as an isolated point.

A good source for the Hausdorff topology is [SSS14, Appendix B|, where
one can find the proofs of all the lemmas in this section. The first lemma
shows that the Hausdorff topology depends only on the topology on E, and
not on the choice of the metric.

Lemma 1.13 (Convergence criterion) Let K,,, K € K. (E) (n > 1).
Then K, — K in the Hausdorff topology if and only if there exists a C €
K (E) such that K, C C for alln > 1 and

K={z€FE:3z, € K, s.t. z, = x}

1.5
={zr € F:3x, € K, s.t. x is a cluster point of (T, )nen}- (1.5)

The following lemma shows that IC(F) is Polish if F is.

Lemma 1.14 (Properties of the Hausdorff metric)
(a) If (E.d) is separable, then so is (K1 (E),dn).
(b) If (E,d) is complete, then so is (K4 (E),dn).
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The following lemma shows in particular that I(E) is compact if E is
compact.

Lemma 1.15 (Compactness in the Hausdorff topology) A set A C
K(E) is precompact if and only if there exists a C € K(E) such that K C C
for each K € A.

The following lemma is useful when proving convergence of IC(E)-valued
random variables.

Lemma 1.16 (Tightness criterion) Assume that E is a Polish space and
let K,, (n > 1) be KC(E)-valued random variables. Then the collection of laws
{P[K,, € -] : n > 1} is tight if and only if for each ¢ > 0 there exists a
compact C C E such that P[K, C C] > 1—¢ for alln > 1.

1.7 Squeezed space

Let (E,d) be a metric space, let {x} be a set containing a single element
called *, and let

R(E) = (E x R) U { (%, —00), (, +00) }. (1.6)

We extend d to E U {x} by setting d(z,*) = d(*,z) := 0o if x # % and := 0
otherwise. Let R := [~00, c0] denote the usual two-point compactification of
the real line. We fix a continuous function ¢ : R — [0, c0) such that ¢(t) > 0
for all t € R and ¢(+oo) = 0, we choose a metric dg that generates the
topology on R, and we define p : R(E)? — [0, 00) by

p((x,s), (y, 1)) = (6(s) A (1)) (d(z,y) A1) + |d(s) — ¢(t)| + dg(s,t) (L.7)

Lemma 1.17 (Metric on squeezed space) The function p is a metric on

Proof For brevity, we write d'(z,y) := d(z,y) A 1. Then d' is a metric on E.
The only nontrivial statement that we have to prove is the triangle inequality,
and it suffices to prove this for the function

P ((2,5), (y,) = (&(s) A (t))d (x,y) + |6(s) — b(t)].

We estimate

P ((2,5), (z,u) < (6(s) A o)) (d (2, y) + d'(y, 2)) + |¢(s) — (u)]. (1.8)



1.7. SQUEEZED SPACE 17

If o(t) > o(s) A p(u), then ¢(s) A ¢(u) is less than ¢(s) A ¢(t) and also less
than ¢(t) A¢(u), so we can simply estimate the expression in (L.8) from above
by

(6(s) A o)) d (w,y) + (A1) A d(w))d'(y, 2)) + |6(s) — d(1)] + [6(t) — p(u)]
and we are done. On the other hand, if ¢(t) < ¢(s) A ¢(u), then
|6(s) — o(1)] + |o(t) — d(w)] = [6(s) — p(w)| +2((s) A B(u) — (1)).

Using the fact that d < 1, we can now estimate the right-hand side of ([1.8)
from above by

ot )(d’(x y) + d’(y, Z)) 2(¢(s) A d(u) = o(t)) +[6(s) — d(u)]
= (¢(s) Ao(t))d' (. y (qb(t) /\¢(U))d'(y, )
+|¢ (t)\+\¢ o(u)].
and again we are done. |

The following lemma shows that the topology generated by the metric p
depends only on the topology on E and not on the choice of the metric on
E. Recall that by , a metrisable topology is uniquely characterised by
its convergent sequences, so the topology on R(FE) is uniquely characterised
by the conditions (i) and (ii) below.

Lemma 1.18 (Topology on squeezed space) A sequence (x,,t,) € R(E)
converges to a limit (x,t) in the metric p defined in if and only if the
following two conditions are satisfied:

(i) t, — t in the topology on R,
(i) of t € R, then x,, — x in the topology on E.

Proof This is immediate from the definition of p. |

We can think of the space R(E) as being obtained from E xR by squeezing
the sets E x {£o0} into the single points (*, £00). For this reason, we call
R(E) the squeezed space. In the special case that £ = R, we can make a
picture of R(R) by mapping R xR into the closed unit disc using the function

5 (VI 9(0%(2),9(t) with ¢(z) = —

1+ 2]

(with ¥ (do00) := £1), and mapping the points (%, +oo) to (0,£1). The
following lemma shows that R(F) is a Polish space if E is Polish.
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Lemma 1.19 (Properties of squeezed space)
(a) If (E,d) is separable, then so is (R(E), p).
(b) If (E,d) is complete, then so is (R(E), p).

Proof If D is a countable dense subset of (£, d), then D x Q is a countable
dense subset of (R(FE), p), proving (a).

To prove (b), let (x,,t,) be a Cauchy sequence in (R(E),p). Then by
t, is a Cauchy sequence in R and hence ¢, — t for some t € R. If t € R,
then by x, is a Cauchy sequence in (E,d) so by the completeness of
the latter, x,, — x for some z € E. By Lemma [1.18] it follows that (z,,?,)
converges, proving the completeness of (R(E), p). |

The following lemma identifies the compact subsets of R(E). In particu-
lar, the lemma shows that R(FE) is compact if E is compact.

Lemma 1.20 (Compactness criterion) A set A C R(E) is precompact
if and only if for each T < oo, there exists a compact set K C E such that
{reFE:(x,t)eA te[-T.T)} C K.

Proof Assume that A C R(F) has the property that for each T' < oo, there
exists a compact set K C E such that {z € E: (z,t) € A, t € [-T,T]} C K.
To show that A is precompact, we will show that each sequence (z,,t,) € A
has a convergent subsequence. By the compactness of R, we can select a
subsequence (2, %) such that ¢/ — ¢ for some ¢t € R. If t = +o0, then by

n’’n

Lemma [L.18] (z/,, /) — (*,£00) and we are done. Otherwise, there exists a
T < oo such that ¢/, € [T, T] for all n large enough. By assumption, there
then exists a compact set K C E such that 2/, € K for all n large enough,
so we can select a further subsequence such that (z!,t") converges to a limit
(z,t) € E xR.

Assume, on the other hand, that A C R(F) has the property that for
some T < oo, there does not exist a compact set K C F such that {x € E :

(x,t) € A, t € [-T,T]} C K. Set
B:={z € F:(z,t) € Afor somet € [-T,T]}

The closure of B cannot be compact, since this would contradict our assump-
tion. It follows that there exists a sequence z,, € B that does not contain a
convergent subsequence, and there exist t,, € [-T,T] such that (z,.t,) € A.
But then, in view of Lemma [1.18] the sequence (z,,t,) cannot contain a
convergent subsequence either, proving that A is not precompact. [ |
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1.8 Path space

Let F be a metrisable space and let R(E) be the squeezed space defined
in Section [1.7. By definition, a path in E is a nonempty compact subset
7 C R(E) such that {x € E : (z,t) € w} has at most one element for each
given t € R. The set I, := {t € R: 3z € Es.t. (z,t) € m} is called the
domain of m and

o =infI, and 7, :=supl, (1.9)

the starting time and final time of the path 7. For each t € I, we let
{n(t)} == {x € E: (z,t) € n} denote the unique point n(t) € E such that
(7(t),t) € 7. Then t — 7(t) is a function from I to E. We let II(E) denote
the set of all paths in F and set I, := I, NR.

Lemma 1.21 (Path viewed as a function) The domain I, of a path
7 € II(E) is a closed subset of R, and t — w(t) is a continuous function
from I, to E. Conversely, if I C R is closed and t — f(t) is a continuous
function from I to E, then there exists a path m € 1I(E) such that I, = I
and 7(t) = f(t) (t€1).

Proof We first show that for each = € II(£), the function I, > t — 7(¢)
is continuous. Assume that t¢,,t € I, and ¢, — t. Since 7 is compact,
the sequence (w(t,),t,) is precompact. Since 7(t) is the only element of
{z € F: (z,t) € 7}, each subsequence of the (7(t,),t,) must converge to
(m(t),t). By Lemma [1.2] we conclude that (m(t,),t,) — (m(¢),t). Since
t € R, by Lemma [I.18| we conclude that 7 (t,) — 7(¢), which shows that
I, >t 7(t) is continuous on I as claimed.

Let I C R be closed and let f : I — E be continuous. If I is nonempty,
then let I be the closure of I in R, and set I := {oco} otherwise. Extend f
to I by setting f(t) := x if t = +oo. Let m := {(f(¢),t) : t € I}. It follows
from Lemma and the continuity of f that the map

It (f(t),t) € R(E) (1.10)

is continuous. Since I is compact and since 7 is the image of I under the
continuous map , we conclude that 7 is compact. Clearly, {z € E :
(x,t) € w} has precisely one element for ¢ € I, and is empty for ¢ ¢ I. This
shows that 7 € II(E). |

In view of Lemma [1.21] we often view a path 7 € II(E) as a continuous
function defined on a closed domain I, C R. The correspondence between
paths and continuous functions is almost one-to-one. The only ambiguity
arises when —oo and/or 400 are not elements of the closure of I, and we
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have the choice whether to include them in I, or not. If I is nonempty, then
it is natural to include 00 only when they are elements of the closure of .
With this convention, if I C R is a closed nonempty interval, then we identify
the space C;(FE) defined in Section with the set {r € II(E) : I, = I},
where I denotes the closure of I in R.

Let IC(R(E)) be the set of compact subsets of the squeezed space R(E).
We equip K(R(E)) with the Hausdorff topology. We observe that II(E) is
a subset of IK(R(F)). We naturally equip II(F) with the induced topology
from its embedding in K(R(E)).

Lemma 1.22 (Paths with a fixed domain) Let I C R be a closed
nonempty interval. The induced topology on C;(E) from its embedding in
II(E) is the topology of locally uniform convergence.

Proof Assume that m,,7 € C;(F), viewed as functions, satisfy m, — w
locally uniformly. We need to show that viewed as compact subsets of R(E),
the sets m,, 7 satisfy 7, — 7 in the Hausdorff topology on K(R(E)). Let I
denote the closure of I in R. By Lemma , we need to show that J, m,
is precompact and

7 C {(z,t) € R(E) : 3, € I st (ma(tn), tn) — (z,)},
{(z,t) € R(E) : (,t) is a cluster (1.11)
point of (Wn(tn>,tn) for some t, € .7} C .

To see that |J, m, is precompact, we need to show that each sequence of
the form () (tm), tm)m>1 has a convergent subsequence. If n(m) infinitely
often takes the same value n, then the claim is obvious from the compactness
of m,, so without loss of generality we may assume that n(m) — oo. Going
to a subsequence if necessary, we may assume that t,, — ¢ for some t € I. If
t = +o0o, then the claim is again obvious so we may assume that t € I. In
this case Lemma [1.12] (ii) tells us that 7, (m)(tm) — 7(t) so we have found a
convergent subsequence as required.

To prove the first inclusion in (L.11]), let (7(¢),¢) € 7 and set ¢, := ¢ for
all n. If t € I, then m,(t) — m(t) since locally uniform convergence implies
pointwise convergence, and if t = oo then trivially (x,t) — (%,t) asn — oc.
To prove the second inclusion, assume that (7,(m)(tnm))s tam)) — (2,1) as
m — oo for some (z,t) € R(E), t, € I, and n(m) — oo. If t € I, then we
can use Lemma (ii) which tells us that 7,m)(tnmm)) — 7(t) and hence
(x,t) = (n(t),t) € m. If t = +o0, then trivially x = * and (x,t) € .

Assume, conversely, that m, — 7 in the Hausdorff topology on K(R(E)).
We need to show that m,,7 € C;(F) and that m, — 7 locally uniformly.
Assume that t,,t € I such that ¢, — t. By Lemma m (ii), it suffices
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to show that m,(t,) — =(t) for all such ¢,,t. Equivalently, we may show
that (m,(t,),t,) — (w(t),t). By Lemma [1.2] it suffices to show that the
set {(mn(tn),tn) : n € N} is precompact and (w(t),t) is the only cluster
point of the sequence (m,(t,),t,). By Lemma , there exists a compact
set C C R(E) such that m, C C for all n, so {(m,(t,),t,) : n € N} is
precompact as required. Let (z,t) be any cluster point. By Lemmal[l.13(ii),
(x,t) € m and hence x = 7 (t), which shows that m,(t,) — 7(t) as required. B

Let m € II(R?). Assume that I, is the closure of I in R. Recall that o,
and 7, denote the starting time and final time of 7. For each t € [0, 7] "R,
let us write

|t] :=sup{s € I;:s <t} and [t]:=inf{uel, : t<u}.

We define a linearly interpolated path & with domain I; = [0, T2 by 7(t) :=
n(t) (t € I;) and

[t] —t t—|t] -

[ﬂ _ LtJﬂ-(LtJ) + H—I _ LtJﬂ-([t—l) (tE [Uﬂ'77—ﬂ']\[7r)'

It often happens that a sequence of functions f, : N — R¢ converges, after
a rescaling of time, to a continuous limit f : [0,00) — R¢. To formulate this
properly, it is a common habit to linearly interpolate the functions f,, so that
all functions are elements of the space Cjp o) (R?). As the following exercise
shows, when one uses the path space II(R?), no interpolation is necessary to
formulate the result.

7(t) ==

Exercise 1.23 (Convergence of interpolated paths) Let I C R be a
nonempty closed interval. Assume that 7 € C;(RY) and 7, € II(RY). Show
that , — m in the topology on IL(R?) if and only if &, — 7.

Sometimes, when formulating convergence of a sequence of functions f,
to a limit f, one extrapolates with the aim of ensuring that all functions
are defined on the same space. Let E be a metrisable space and for each
7 € II(E), let 7 denote the path with domain I+ := I, U [, 00] defined
as H(t) :=7(t) if t € I, and

7 (t) =m(rn) (Tx <t<oo) and 7mt(c0):=x.

The next exercise shows that when one uses the path space II(E), no extrap-
olation is necessary.

Exercise 1.24 (Convergence of extrapolated paths) Let m,, 7 € [I(F).
Show that the following conditions are equivalent:
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(i) 7, —
(i) mF = 7" and 1, — 7.

Our next proposition says that the space of paths in E is Polish provided
E has this property.

Proposition 1.25 (Polish space) If E is a Polish space, then so is II(E).

The proof of Proposition needs some preparations. Let d be a metric
generating the topology on E and let 7w € II(E). For each 7 € II(E), 6 > 0
and T' < oo, we define

my,s(m) == sup {d(ﬁ(s),w(t)) cstel,, " T<s<t<T, t—s< (5}.
(1.12)
The quantity mrs(7) is called the modulus of continuity of the path w. More
generally, for any compact subset K C R(E), we can define

mT,J(K) = Sup{d(x,y) : (I’,S), (y7t) € K? =T <s<t< T, t—s< 5}7
which coincides with our previous definition if 7 is a path.

Lemma 1.26 (Characterisation of paths) A compact subset 1 C R(E)

is an element of the path space 1I(E) if and only if (lsin(l) mrs(m) = 0 for all
H

T < o0.

Proof Assume that 7 € K(R(E)) and limsup;_,,mrs(m) > 0 for some
T < oo. Then we can find (2, s,), (Yn, tn) € ™ and 6 > 0 with d(z,,y,) > 9,
T <s,<t, <T,and t, — s, < 1/n. Since 7 is compact, by going to a
subsequence, we can assume that (x,,s,) — (z,s) and (y,,t,) — (y,t) for
some (z,s), (y,t) € m with d(z,y) > 6 >0, T <s<t<T,and t —s = 0.
This shows that 7 ¢ II(E).

Conversely, if 7 ¢ TI(E), then there exist (z,t), (y,t) € m with x # y.
Since (*,4o00) are the only points in R(E) with time coordinate +oo we
must have ¢ € R. But then mys(m) > d(z,y) > 0 for all T > |¢|, which
shows that lim sups_,, mrs(m) > 0 for some T < oo. |

Proof of Proposition If F is a Polish space, then by Lemma [I.19]so
is R(E) and hence by Lemma so is K(R(F)). For each €,6 > 0 and
T < oo, the set

Ar.s ={K €e K(R(E)) : mps(K) > e}
is a closed subset of K(R(E)) and hence its complement A7._; is open. By

Lemma [1.20],
H<E) = m UA%,l/m,l/kv

nm k
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which is a countable intersection of open sets, i.e., a Gs-set. |

A set A C II(E) is called equicontinuous if

lim sup myqs(m) =0 (T < 00).

0—0 rc A
The following theorem identifies the compact subsets of II(£). Condition (ii)
is called the compact containment condition. If I C R is a closed nonempty
interval, then C;(E) is a closed subset of II and hence the following theorem
can also be used to identify the precompact subsets of C;(£). In this con-
text, the result is known as the Arzela-Ascoli theorem. Note that while the
definition of equicontinuity depends (at least a priori) on the choice of the
metric d on E, whether a set A C II(F) is precompact only depends on the
topology on E, so when verifying conditions (i) and (ii) below, we are free
to choose any metric d that generates the topology on E.

Theorem 1.27 (Arzela-Ascoli) A set A C II(E) is precompact if and only
if

(i) A is equicontinuous,

(i) for each T < oo, there exists a compact set K C E such that {W(t) :
reA tel,N[-T,T|} CK.

Proof Let A denote the closure of A, viewed as a subset of the space
K(R(E)), equipped with the Hausdorff topology. Then A is a precom-
pact subset of TI(E) if and only if A is a compact subset of K(R(FE)) and
A C II(E). By Lemmas and , A is a compact subset of K(R(E))
if and only if condition (ii) holds. To complete the proof, it suffices to show
that assuming that (ii) holds, one has A C II(E) if and only if (i) holds.

We first show that (i) implies A C II(E). Assume that 7, € A converge
in the Hausdorff topology to a compact subset 7 C R(FE). To show that
7 € II(E), will apply Lemma [1.26] If (z,s), (y,¢) € 7, then by Lemma [1.13]
there exist (2, $n), (Yn,tn) € m, such that (z,,s,) — (x,s) and (y,,t,) —
(y,t). If s,t € [-T,T] and |t — s| < §, then for n large enough we have
Spytn € [T —1,T 4+ 1] and |t, — s,| < 26. Since d(zp,y,) — d(x,y), it
follows that

lim sup mrs(7) < lim sup sup mr4q.26(m,) =0 (6>0, T <o),
6—0 6—0 n

which by Lemma implies that 7 € II(E).
Assume now that (ii) holds but (i) fails. Then there exist T' < oo and
¢ > 0 such that for each n > 1, we can find 7, € A with my1,(7m,) > €. This
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means that there exist =7 <'s,, < t, < T such that d(m,(s,), mn(t,)) > €
and t, — s, < 1/n. By (ii), A is a compact subset of IC(R(E)), so by going a
subsequence we may assume that 7, — 7 € K(R(E)). By going to a further
subsequence, we may assume that s, — s and t,, — ¢ for some s,t € [T, T].
But then s = ¢ since t, — s, < 1/n. Let z, := m,(s,) and y,, := m,(t,). By
(ii), we can select a further subsequence such that x, — x and y, — y for
some ,y with d(z,y) > . By Lemma [[.13] we have (z,t), (y,¢) € 7 which
shows that 7 ¢ II(E) and hence A is not a subset of TI(E). |

For real-valued paths, the compact containment condition of Theorem
[L.27 can be relaxed.

Theorem 1.28 (Arzela-Ascoli - real version) Assume that m, € II(R)
satisfy:

(i) {m, : n € N} is equicontinuous,

(ii) there exist t,, € I, such that sup, |t,| < co and a compact set K C R
such that m,(t,) € K for all n.

Then {m, : n € N} is a precompact subset of II(R).

Proof For any set A C R and r > 0, we write A" := {z € R:inf ey [z —y| <
r}. Then A" is a closed subset of R. If A is compact, then so is A".

To prove the claim of the theorem, it suffices to check condition (ii) of
Theorem [1.27, It suffices to check this for T sufficiently large, so without
loss of generality, we can assume that ¢, € [T, T] for all n. Fix e > 0. By
equicontinuity, we can choose ¢ > 0 such that |m,(s) — m,(t)] < e for all n
and s,t € I, N[=T,T] with |s —¢| < J. Let K be the compact set from
condition (ii) above. Then 7,(t) € K¢ for all ¢t € I, such that |t —t,| <0,
and by induction, for each k > 1, we obtain that 7, (t) € K* for all t € I,
such that |t —t,| < k0. Choosing k large enough such that dk > 2T, we
see that {m,(t) : n € N, t € I,, N [-T,T]} € K*, so condition (ii) of
Theorem [[.27] is satisfied. |



Chapter 2

The excursion

2.1 Scaling limit of simple random walk

Let (X)k>1 be ii.d. and uniformly distributed on {—1,+1}, and let

Sp=Y Xp  (n>0),
k=1

with naturally Sy := 0. Then (.S,,),>0 is a one-dimensional nearest-neighbour
random walk. It will be convenient to interpolate linearly. We set

Sei= (1 =)y + (t = [t])S (£ 20).
Then S = (S;)>0 is a random variable taking in the space

Co:={f €Cpx)(R) : fo=0}. (2.1)

Donsker’s invariance principle says that S, diffusively rescaled, converges to
Brownian motion. To formulate this properly, for A > 0, let 8, : R> — R? be
the diffusive scaling map defined as

Oxr(z,t) = Az, \*t) ((z,t) € R?). (2.2)

which we extend to a (clearly unique) continuous map 6, : R(R) — R(R).
For any subset A C R(R), we let yA denote the image of A under ). In
particular, we can apply this to S, which we can view as an element of the
path space II(R) and hence as a compact subset of R(R). For each £ > 0,
the diffusively rescaled path

S¢ = 0.8 (2.3)

25
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is then the random variable taking values in the space Cy defined as
Sy i=eS.-2 (t € eN).

The following fact is well-known. Below, we naturally identify the path
(Bi)i>0 of a Brownian motion with an element of the path space II(R).

Theorem 2.1 (Donsker’s invariance principle) One has
P[(S))z0 € -] = P[(B)zo € -], (2.4)

where (By)i>o i a standard Brownian motion and = denotes weak conver-
gence of probability measures on Cy, equipped with the topology of locally
uniform convergence.

As we have seen in Exercise [1.23] to formulate Theorem [2.1], it was in
fact not necessary to interpolate linearly. Instead, we can also view S as an
element of the path space II(R) with domain /g = N and then formulate
Theorem 2.1], as weak convergence in law of random variables with values in
II(R). However, in what follows, the linear interpolation will turn out to be
convenient for other purposes.

Note that combining Donsker’s invariance principle with Skorohod’s rep-
resentation theorem (Theorem [I.10)), one obtains that if ¢,, are positive con-
stants tending to zero, then the random variables (S;™);>¢ for different values
of n can be coupled to a Brownian motion (B;);>¢ in such a way that

sup} S = Bi] — 0 as. VT < oo. (2.5)

We conclude this section with a well-known fact.

Lemma 2.2 (Brownian scaling) If B = (B;)i>0 is a Brownian motion
and X\ > 0, then the process B* := 0,\B is equally distributed with B.

Proof This is of course well-known, but it is interesting to observe that it
actually follows from Theorem [2.1] Indeed, the latter says that if €, > 0
converge to zero, then the processes 6., S converge weakly in law to B. Since
the map II(R) > 7 — @ 7 € II(R) is continuous, it follows that the processes
Ox, S converge weakly in law to B*. On the other hand, since €/, := \e,
are positive constants tending to zero, Theorem also tells us that the
processes .. S converge weakly in law to B, so B* and B must be equal in
law. This proof reveals a general fact: a probability law that arises as the
scaling limit of other probability laws must itself be scale invariant. |



2.2. BROWNIAN LOCAL TIME 27

2.2 Brownian local time

Recall from ({2.1) that Cy is the space of continuous functions f : [0,00) — R
that satisfy fo = 0. We let

mi(f)i= inf fo  (t>0, feC) (2.6)

0<s<t

denote the running minimum of the function f. We will be interested in

g = fr — mu(f) (t >0).

We observe that g, > 0 and h; := —my(f) is a nondecreasing function that
increases only at times when g; = 0. The following lemma says that these
properties characterise g and h uniquely. Note that if h € Cy is nondecreasing,
then it is the distribution function of a measure on [0, c0), which we denote
by dh. Condition (iii) below says that this measure is concentrated on the
set {t € [0,00) : g(t) = 0}. This makes precise the intuitive concept that h
increases only at times when g; = 0.

Lemma 2.3 (Skorohod reflection) For each f € Cy, there exist unique
functions g, h € Cy such that

(i) g¢=fi+he (t>0),

(i) g > 0 and h is nondecreasing,

(iif) / Lgw>0ydh(t) = 0.
0
These functions are given by

9e = fe—mu(f) and hy = —my(f) (t>0). (2.7)

Proof (sketch) It is not hard to check that if we define g and h by (2.7),
then (i)—(iii) are satisfied. To prove uniqueness, it suffices to show that if
g,h and ¢', b/ both solve (i)—(iii), then ¢’ < g. Imagine that g; > g; for some
t > 0. Let s :=sup{u € [0,t] : g, = gu}. Then ¢/, > g, for all s <u <t. By
(i) we have b, = hy. Now

g —ge=(fi + ) = (fr + he) = b}, — hy. (2.8)

By (ii) we have ¢ > 0 and hence g/, > ¢, > 0 for all s < u < ¢, which by
(iii) implies that h; = h.. On the other hand, by (ii) /& is nondecreasing and
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hence h; > h,. It follows that the right-hand side of (2.8) is < Al — hy =0,
which contradicts g; > ¢;. |

We will especially be interested in the case that the function f from
Lemma is Brownian motion. In this case, the function g is reflected
Brownian motion, and h is its local time at the origin. To explain this in a
bit more detail, we need to take a small detour.

If (B¢)i>o is a d-dimensional Brownian motion, then we can define a
stochastic process (¢;);>0 taking values in the space M(R?) of finite mea-
sures on R? by

/Rdét(dx)f(x) ::/dtf(Bt) (t >0, f € By(RY).

0

The random measure ¢, is called the occupation local measure of the Brownian
motion (By);>o. In particular

= fonsy (hcom

is the amount of time the Brownian motion has spent inside a measurable
set A up to time ¢. In one dimension, it is well-known that ¢; has a density
with respect to the Lebesgue measure. The following theorem is originally
due to Trotter. The process (L;):;>o below is called Brownian local time.

Theorem 2.4 (Brownian local time) Let (B;)i>o be a one-dimensional
Brownian motion. Then almost surely, there exists a random continuous
function L : [0,00) x R — [0,00) such that

[ deLi@f@) = [aesB) (e 0, £ e BED)

0

Modern proofs of Theorem are based on Tanaka’s formula, which says
that

|By| = /Ot sgn(Bs)dBs + L(0) (t>0), (2.9)

where the integral is an [to0 stochastic integral. Tanaka’s formula can be used
as a definition of Brownian local time, for which one then proves the prop-
erties described in Theorem . For details, we refer to [McK69, Mey70],
RWST7]. In fact, in the remainder of this chapter, we will mostly work with
Tanaka’s formula as the definition of L;(0) and do not really need its inter-
pretation as local time in the sense of Theorem [2.4]
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Proposition 2.5 (Reflected Brownian motion) Let B = (B;)i>0 be a
standard Brownian motion and let (L:(0))t>o be its local time at 0. Let W =
(Wi)i>0 be another standard Brownian motion and let

Ay =Wy —my(W)  and Ly := —my(W) (t >0). (2.10)

Then
P[(|Bil, Le(0)) o € -] = P[(As; Le)izo € -]

Proof (sketch) Let (B;);>¢ be a Brownian motion and let

t
W, = —/ sen(By)dB,  (t>0).
0

It is not hard to show that W = (W;);>o is a Brownian motion. We will
show that A; = |B;| and L; = L;(0) (¢ > 0). We apply Lemma [2.3] Tanaka’s
formula says that |B;| = L;(0) — W (t > 0). Clearly | B;| is nonnegative
and L;(0) is nondecreasing and increases only when |B;| = 0. For the details,
we refer to [KS91, Thm 3.6.17]. |

2.3 Scaling limit of reflected random walk

Let S be the simple random walk defined in Section and let (R, K)o
be defined by

R := Sy —my(S) and K;:=—my(S) (t>0). (2.11)
It is easy to see that (R, Ki)ic[o,00) is the linear interpolation of the discrete
time process (R, K, )nen. Moreover, (R, )nen is a Markov chain with state
space N and transition probabilities
P(z,y) :P[Rn:y‘Rn,l :x} (x,y € N)

given by

Plz,z+1) =
Pz,xz—1) =

Y

?

’} (x> 0) and P0.1) =

N I— N
NI— N

In words, in each step, the process R,, jumps up or down by one with equal
probabilities, except when this would result in a negative value, in which case
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the chain stays in 0. We call (R,,),>0 a random walk with reflection at zero.
It is now easy to see that the process K from ([2.11)) is given by

k=1

Informally, K, counts the number of times the chain (R, ),>¢ has “attempted
to jump below zero”, but was reflected. The following theorem says that the
process (R, K) has a diffusive scaling limit.

Theorem 2.6 (Scaling limit of reflected random walk) Let (R, K)
be defined in and for each € > 0, let (R®, K¢) denote the diffusively
rescaled process

(R}, K;) := (eRe—2y, e K.—2) (t>0). (2.12)

Let B = (By)i>0 be a standard Brownian motion and let (L(0));>0 be its local
time at 0. Then

P(R;, K7)iz0 € ] v P[(|Bil, Le(0)) o € -]

where = denotes weak convergence of probability measures on C[O,oo)(]l@),
equipped with the topology of locally uniform convergence.

Proof We observe that
R; == S; —mu(S®) and K := —my(S°) (t >0),

where S¢ is the diffusively rescaled random walk defined in (2.3). It is
straightforward to check that the map

Co 2 [+ (9. h) € Clpoe)(R?)

defined in ([2.7)) is continuous with respect to the topology of locally uniform
convergence. Therefore, Theorem [2.1] implies that

P[(R?,Kf)tzo € } - ]P)[(AtaLt)tZO € ']7

e—0

where (A, Li)i>o is the reflected Brownian motion defined in (2.10). The
claim now follows from Proposition [2.5] [

Theorem [2.6] yields the following useful consequence.



2.4. EXCURSION DECOMPOSITION 31

Lemma 2.7 (Scale invariance) Let (B;)i>o be a standard Brownian mo-
tion and let (L(0))s>0 s its local time at 0. Then

P[(IBil, Le(0) n € ] = P[(AlBa-2il, ALx-24(0)) 50 € -] (A>0).

t>0

Proof The proof is very similar to the proof of Lemma[2.2] As we observed
there, a probability law that arises as the scaling limit of other probability
laws must itself be scale invariant. In the present setting, we can make this
general principle precise as follows. Fix A > 0 and let ¢,, be positive constants

tending to zero. By (2.12)),
(R?EJ Kt)\s) = (/\Ri—%v AK?\—?t) (t > 0)7
so Theorem [2.6] tells us that

tzoe }

P[(R), K})i>0 € -] = P[(A|By-2|, ALx-2,(0))

However, \e,, are positive constants tending to zero, so Theorem also tells
us that
P(R}, K)o € -] = P[(| B, L:(0))

tZOE }

2.4 Excursion decomposition

We will be interested in the theory of Brownian excursions. Our exposition
is loosely inspired by [Rog89]. Recall from (2.1) that Cy is the space of
continuous functions f : [0,00) — R that satisfy fo = 0. We let

Ry = {(g, h):g,h € Cy, g >0, h is nondecreasing,
and [ Lig>opdh(t) = 0},

denote the set of pairs of functions (g, h) that satisfy conditions (ii) and (iii)
of Lemma . We view Ry as a subset of Cj ) (R?) and equip it with the
topology of locally uniform convergence. In Lemma 2.3 we have seen that
setting g; := fy —my(f) and hy := —my(f) defines a bijection f — (g, h) from
CO to Ro.

We now want to go one step further, and decompose the function g in
excursions away from zero. Recall that o, and 7., defined in , denote
the starting time and final time of a path . We define a space of excursions
by

(2.13)

E={rell([0,00): 0, =0, 0 <7 <00, T(0) =7(7) =0}. (2.14)
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We call the final time 7, of an excursion 7 € £ the duration of w. We observe
that F := {7 : 7(0) = n(7;) = 0, o, = 0} is a closed subset of I1([0, c0)) and
£ is an open subset of F, so using Proposition we see that £ is a Polish
space. We set

E={re&:7 >0, m(t) >0V0 <t <7} (2.15)

We call elements of & PTOPET ELCUTSLONS.

Let h € Cy be nondecreasing. By definition, a plateau of h is an open
interval © = (+7,¢) with 0 < ¢+~ < " < oo such that h,- = h,+, and no
strictly larger open subinterval of [0, 00) has this property. We set

Z(h) := {v: v is a plateau of h}. (2.16)
For brevity, we write
h, :==h,- = h+ (L € Z(h)).

For each (g,h) € Ry and ¢ € Z(h), setting

7=t -1 and 7 i=g_,- (0<t<7)
defines an excursion 79" € £ with duration 7,. Given a function f € Cy and
functions (g, h) € Ry defined as in ({2.7)), we set

2(f) = {(h,7") : L€ Z(h)}. (2.17)

We will especially be interested in the case that f is a (diffusively rescaled)
simple random walk, or Brownian motion. In this case, g is a reflected
random walk or Brownian motion and h is its reflection local time at the
origin. The set = records all excursions of the reflected random walk or
Brownian motion away from the origin together with the reflection local
time when such an excursion happens.

It follows from the way we have defined plateaus that h(r) # h(./) for
each ¢,/ € Z(h) with ¢ # /. We use this to define a function s — E*® from
[0,00) to € by

(2.18)

m  if (s,m) € = for some 7 € &,
£ =
0 otherwise,

where o € £ denotes the trivial excursion of duration 7, := 0.



2.4. EXCURSION DECOMPOSITION 33

The excursion set Z(5) of the simple random walk S of Section is
easy to understand. Let (R, K) = (R,, K,)n>0 by the reflected random walk
defined in (2.11)). We define inductively ¢~ (0) := 0 and

(k) :=inf {i > (k) : K1 > K}, L0
C(k+ 1) =0 (k) +1 (k2 0)

Then the set of plateaus of the function K is
Z(K) = { (v (k),c" (k) : k>0, . (k) <."(k)},
and the excursion set Z(.5) is given by
=(S) = {(k,E*) : k €N, E* # o}, (2.19)

where E*, defined as in , is the excursion that belongs to the plateau
(t=(k),ct(k)) if o (k) < ¢T(k), and the trivial excursion o if ¢~ (k) = T (k).
For reflected random walk, not all excursions are proper excursions, since
it may happen that R; = 0 for some ¢~ (k) < i < +*(k). Since the process
“starts anew” after each increase of K, it is easy to see that:

The E-valued random variables (E*)*N are i.i.d. (2.20)

For Brownian motion, the situation is more complex, since we can no
longer enumerate the excursions by the time at which they occur. Nev-
ertheless, something similar to the i.i.d. property of still holds. The
following theorem is due to It6 [[to71]. The o-finite measure v below is called
the excursion measure.

Theorem 2.8 (Poisson set of excursions) There ezists a o-finite measure
v on & such that the set = is a Poisson point set with intensity measure { Qv
where { is the Lebesgue measure on [0,00). The measure v is concentrated
on &.

As a preparation for the proof of Theorem [2.8] we make the following
observation.

Lemma 2.9 (Only proper excursions) The ercursion set Z(B) of a
Brownian motion B is concentrated on the set of proper excursions .

Proof To show that Z is concentrated on &, one has to show that L(0)
increases each time B; hits zero. By Proposition [2.5] one may equivalently
show that if a Brownian motion W = (W});>¢ is started at some initial state
Wy =2z >0 and 19 := inf{t > 0: W, = 0}, then W immediately crosses the
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time axis, i.e., inf{t > 0 : W, < 0} = 7y. By the strong Markov property,
it suffices to show that Brownian motion started in zero immediately crosses
the time axis, which is well-known. |

Proof of Theorem [2.8] (crude sketch) In Section [2.6) we will give a proof
of Theorem based on finite approximation. Traditionally, there is a ten-
dency to view such proofs as uglyH Whether that is a good philosophy is
questionable. Here, we sketch the outline of a classical proof using stochastic
analysis.

The idea is to show that for each measurable A C &£, the process

Ny(A):=Z([0,s] x A)  (s>0)

is stationary with independent increments, and moreover, if A;,..., A, are
disjoint, then the processes (Ng(A1))s>0,-- -, (Ns(An))s>0 are independent.
For each deterministic s > 0, the random time

ps :=1inf {t > 0: L;(0) > s}

is a stopping time for the Markov process (|By|, L(0))s>o. Using the strong
Markov property for the stopping time pg, one obtains that
(|Bpystl, Lp,+¢(0) — Ly, (O))tZO is independent of (|B], L(0))

0<t<ps’

and equally distributed with the original process (|By|, L+(0)):>0. Using this,
one obtains that for any 0 < s; < s9, the increment Ng,(A) — Ns, (A) is
independent of the restriction of = to [0,s;] x £ and equally distributed
with N, (A), i.e., the process (INs(A))s>o is stationary with independent
increments as claimed. Using also that it is a pure jump process one can now
apply abstract results to conclude that = must be a Poisson point set with
the claimed properties. [ |

It is possible to “invert” the decomposition into excursions and recon-
struct a reflected random walk or reflected Brownian motion from the set =
defined in . The construction is slightly different in the discrete and
continuous cases. For the reflected random walk (R, K;):>0, we set

Psi=8 + Z Tr (SZO),

(u,m)EE: u<s
K;:=sup{s > 0:ps <t} (t>0), (2.21)
Ry:=E[l, (t>0).

'For example, it seems the main reason, apart from some minor inaccuracies, why the
original proof of the Jordan curve theorem was not widely accepted, was that it used
discrete approximation.
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For the reflected Brownian motion (|By|, L;(0)) g We set

D= Z Tr (s >0),

(u,m)EE: u<s

Li(0):=sup{s >0:p, <t} (t >0), (2.22)
Ly
| By| ;:Et(_,)% (n>0).

The only difference between these formulas is in the definition of the func-
tion (ps)s>0, which is the inverse of the reflection local times (K});>o and
(L+(0))s>0, respectively. In the discrete case, compared to the continuum
case, we have to add a term +s to to the definition of p;. This has to do with
the fact that K; increases at speed one during the times when R; is zero,
while L,(0) increases at infinite speed during the times when |B,| is zero.

Formula shows how to construct the absolute value of Brownian
motion, i.e., the process (|B;|)i>0, together with the local time at the origin
of (Bi)i>0, from a Poisson set of excursions. In a similar way, one can also
construct the Brownian motion (B;);>¢ itself (instead of its absolute value).
The idea is to assign signs to the excursions that are i.i.d. and uniformly
distributed on {—1,+1}. It is also interesting to consider signs that are
i.i.d. but not uniformly distributed on {—1,+1}. In this case, one obtains a
Markov process known as skew Brownian motion.

The following proposition is a consequence of Brownian scaling. As be-
fore, we view paths as compact subsets of R(R) and we let 6,7 denote the
image of m under the diffusive scaling map 6, defined in . In this way,
in below, we naturally view 6 as a map from & to &.

Proposition 2.10 (Diffusive scaling) The excursion measure v from The-

orem [2.§ satisfies
volyl =\ (A >0). (2.23)

Proof Let (By):>¢ be a standard Brownian motion and let (L(0));>¢ be its
local time at 0. Fix A > 0 and set

B) :=ABy-2, and L}(0) := ALy-2(0)  (t>0).
By Lemma [2.7 the processes (|By|, L;(0))i>o and (| B}|, L}(0));50 are equally
distributed. Define = and =* as in (2.17) in terms of (| By, L;(0));>o and
(B}, L}(0))¢>0, respectively. Then

== {(Xs,007) : (s,m) € E}.
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Since both = and =Z* are Poisson point sets on [0,00) x £ with intensity
measure £ ® v, we see that the measure ¢ ® v is equal to its image under the
map

(s,m) = (As, O\mr).
In particular, for any measurable A C £, we have
A(A) =1 ® 1/([0, Al X A)
=(®v([0,1] x 6, (A)) =vo b (A).

2.5 Standard excursions

We continue our study of the excursion measure v from Theorem 2.8, We let

H, = {me £: sup w(t) > r} (r >0) (2.24)
0<t<tnr
denote the set of proper excursions that have height at least r. The next
lemma determines v(#H,).

Lemma 2.11 (Height of the excursion) Let v be the excursion measure
from Theorem[2.8. Then

v(H,)=r" (r > 0). (2.25)

Proof Let (B:)i>0 be a standard Brownian motion and let (L:(0)):>o is its
local time at 0. Let

o, := L, with 7, :=inf {t >0:|By| = 7“}.

Then
o, =inf {s > 0:EN([0,s] x H,) # 0}.
By Theorem [2.§8] o, is exponentially distributed with mean 1/v(H,). By
Tanaka’s formula ([2.9), |B;| — L¢(0) is a martingale. By optional stopping,
it follows that
E[|B;nt|] = E[L; (0] (t >0).
Letting ¢t — oo, using the fact that L. »;(0) increases to L, = o,, and using

dominated convergence for the left-hand side, together with |B,. | = r, we
obtain that E[o,] = r and hence v(H,) = 1/r. |

Since 0 < v(H,) < oo for each r > 0, we can define a conditional proba-
bility laws v( - |H,) on &€ by the usual formula

v(ANH,)

v(AlH,) = D)

(A e B(&)).
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For each excursion F € H,, we let
op, :=mf{t >0: E, =r} (2.26)

denote the first time the excursion E reaches the height r. As before, 75
denotes the duration of F.

Lemma 2.12 (Conditional excursion law) For each r > 0, under the
conditional law v( - |H,), the process

(EO'E)T»JFt)OStSTRfUEJ.

15 distributed as a Brownian motion started at r and stopped at the first time
it hits zero.

Proof (sketch) Let (B;);>o be a standard Brownian motion. Let

ol i=inf{t >0:|B| =r}, o:=inf{t>o}:|B]| =0},
and oY :=sup{t < o' :|B =0},

r o

and let E € £ be the excursion with duration 75 := 02 — 0 defined by

Ey = Byoyy (0<t<7p).

Then E, is the first excursion in the Poisson point set = of Theorem [2.8| that
has height > r. Using the strong Markov property of Poisson point sets, one
sees that E is distributed according to the conditional law v(-|H,). Using
the strong Markov property of Brownian motion, one sees that

(Boi1t)o<t<o?—o!
is distributed as a Brownian motion started at r and stopped at the first
time it hits zero. [ ]
We let
Dy={re&:m >t} (t >0)
denote the set of excursions that have duration at least t. The next lemma

determines v(Dy).

Lemma 2.13 (Duration of the excursion) Let v be the excursion mea-
sure from Theorem [2.8 Then

v(D,) = \/%t_m (t > 0). (2.27)
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Proof of Lemma We define H, as in and for each FF € H, we
define o, as in (2.26)). As before, 75 denotes the duration of E. For each
t > 0, we set

Hyy = {E €EH,:Tg >0, —i—t},

i.e., these are all excursions that reach the height r» and after that live for at
least time ¢. Lemma implies that

v(Hey) = v(H,)P[r+ By > 0V0 < s < ],

where (Bi)i>0 is a standard Brownian motion. It is a consequence of the
reflection principle that
| 1.2

Plr+ B, >0Y0<s<t] =P[|B| <] :/ me—#’ da.
—r ™

Using Lemma [2.11], which tells us that v(#,) = r~!, it follows that

2rt=1/2
V21
Letting » — 0, using the fact that #H,, increases to D,, the claim follows. W
We let

v(Hrt) = 7“_1[ + O(TQ)} asr — 0.

& i={rel:mn=1} (2.28)

denote the space of excursions of duration one and set é’l =& NE. A random
variable whose law is the probability measure 14 from Proposition below
is called a standard Brownian excursion.

Proposition 2.14 (Decomposition of the excursion measure) Let p
be the measure on (0,00) defined as

1
p(dt) == Et—?’/?dt. (2.29)

There exists a probability measure v on & such that the excursion measure
from Theorem is the image of the measure p @ vy under the map

(0,00) X &2 (t, f) — O, f €E. (2.30)
Proof (sketch) The map in (2.30)) is invertible. Its inverse is the map

Edmr (Tﬂ,el/ﬁﬂ) € (0,00) ® &y,
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where as before 7, denotes the duration of an excursion # € &£. Let u
be the image of the excursion measure v under this inverse map. Then
Proposition implies that

poyt =Au where (s, f) = (N\’s, f) (A,s>0, fe&) (231)

Using the fact that by Lemma [2.13] v(D;) is finite, it follows that we can
decompose p as

p(dA, df) = p(dA)P(X, df)

for some probability kernel P (compare Theorem [1.5) . By -, A,
does not depend on A, so in fact 1= p @ vy for some probability measure V1
on &. The scaling relation moreover implies that

p([A7%t,00)) = Ap([t, 00)) (A, t>0),
which shows that there exists a constant ¢ > 0 such that
p([t, o)) = ct=1/? (A>0).

The correct formula for the constant ¢ follows from Lemma 2.13] ]

2.6 Scaling limits of excursions

In this section, we give a proof of Theorem based on finite approximation.
As a side result, we obtain that if S° are the diffusively rescaled simple
random walks defined in and let B is a standard Brownian motion,
then the excursion sets Z(S5%) defined in converge in an appropriate
sense to Z(B).

We first need a few definitions. By definition, a local subset of the set of
excursions & is a measurable set A C £ such that o € A, where A denotes the
closure of A and o denotes the trivial excursion of duration 7, := 0. Similarly,
a local subset of [0, 00) x & is a measurable set B C [0, 00) x € such that

B C[0,5] x A for some S < oo and local A C £.

We say that a measure v on £ is locally ﬁm’teﬂ if v(A) < oo for all local
A C &. Similarly, we say that a measure p on [0,00) x & is locally finite if

2We use this term in an unusual sense here. More usually, a measure u on a locally
compact space X is called locally finite if 1(K) < oo for each compact K C X. The space
£ is, however, not locally compact, so such a definition would not make much sense in our
setting.
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u(B) < oo for all local B C [0,00) x £&. When X = & or = [0,00) x &, we
let Myo.(X) denote the space of locally finite measures on X'.

The support of a measurable real function f defined on a topological space
X is the set

supp(f) :={x € X : f(z) # 0},
where the overbar denotes closure. In the special case that X = &£ or =
[0,00) x &, we define a local function on X to be a measurable function
f+ X = R such that supp(f) is a local subset of X. We let Cioc(X) denote
the space of all local bounded continuous functions on X and we let M, (X)
denote the space of all locally finite measures on X.
Let X be a Polish space and let (z;);c; be a countable collection of points

in X. Then
§:=) b, (2.32)
el
defines a counting measure on X. In particular, if = is a countable subset of
X, then = defines a counting measure by

(=) ba (2.33)

TEE

Note that &= is simple, in the sense that =({z}) < 1 for all z € X. In
general, counting measures of the form (2.32) need not be simple, since it
may happen that z; = =, for some i # j. We often tacitly identify countable
subsets of X with their associated counting measures. In particular, we say
that a countable subset = of X = & or = [0, 00) X & is locally finite if {&= has
this property.

Let ¢ : X — [0, 1] be measurable and let (x;):e; be independent Bernoulli
random variables (i.e., variables with values in {0, 1}) with P[x; = 1] = ¢(x;).
Then the random counting measure

5/ = Z XZ(Sa:l

i€l

is called a ¢-thinning of £. In the special case that X is either £ or [0, 00) X &,
we let My (X) denote the space of all locally finite counting measures on X'
Then

Ky(&, -):=P[¢ €]
defines a probability kernel on MV,.(X). Generalising our earlier definition of

a thinning, when & and & are random locally finite counting measures on X,
then we say that £’ is a ¢-thinning of £ if

PE' e - |€] = K4(&, -).
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For any counting measure £ of the form (2.32)) and measurable ¢ : X — [0, 1],

we introduce the notation

¢§ — ch(ivz) — eff(dx) log ¢($)’

el

with the convention that e=> := 0. If £’ is a ¢-thinning of £, then it is easy
to see that

P[¢' = 0] =E[(1 - ¢)$].
We say that @ on a measurable space X' is nonatomic if p({z}) = 0 for all

z € X. Recall that a counting measure ¢ is called simple if {({z}) < 1 for
all z € X. We need the following result

Theorem 2.15 (Poisson counting measure) Let pu be a locally finite
measure on [0,00) x €. Then there ezists a random locally finite counting
measure & on [0,00) X € such that

E[(1— ¢)¢] = e~ J1(d2)o(x) (2.34)

for each measurable ¢ : [0,00) x & — [0,1]. The law of & is uniquely de-
termined by the requirement that holds for all local continuous ¢. If
By, ..., B, are disjoint measurable local subsets of [0,00) x &, then

&(B1),...,&(By,) are Poisson distributed with mean u(By), ..., 1(By).

If v is nonatomic, then & is almost surely simple.

Formula has an interpretation in terms of thinning. Let ¢u denote
the measure p weighted with the density ¢. If £’ is a ¢-thinning of £, then
&' is a Poisson counting measure with intensity measure ¢u. In particular,
if [¢du < oo, then the number of points of ¢ is Poisson distributed with
mean [ ¢du < oo, and hence P[¢' = 0] = exp(— [ ¢ dp), which is formula
(12.34)).

We now turn our attention to the proof of Theorem We will use
discrete approximation. Let S be the simple random walk from Section [2.1}
let S° be the diffusively rescaled random walk from (2.3)), and let B be
standard Brownian motion. We recall from that the excursion set of
S is given by

[1]

(S) = {(k,E*) : k €N, E* # o},

3This is largely standard, but many sources such as [Kal97, Chapter 10] treat only
locally compact spaces. Oir definition of local finiteness is also nonstandard.
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where (E¥)F<N are the i.i.d. excursions from ([2.20)). It follows that
=(5%) = {(ck,0.E%) : k € N, E* # o}, (2.35)

Note that in view of , we have to rescale the reflection local time &
by a factor € and not by 2. We will prove Theorem together with the
following theorem, which describes the tail of the law of E, i.e., in the small
probabilities of very large excursions.

Theorem 2.16 (Tail of the excursion law) Let v be the excursion mea-
sure from Theorem[2.8 One has

e 'E[g(0.E°)] v gg(7r) v(dm) (2.36)

for each g € Cipe(E).

The proof of Theorem depends on two technical results, the proofs
of which will be postponed till the next section. Recall from (2.1)) that

CO = {f < 6[0700)(R) . fo = O}

Lemma 2.17 (Locally finite excursion set) For each f € Cy such that
liminf, ,o f; = —00, the set Z(f) defined in is locally finite.

We have seen in that it is possible to couple diffusively rescaled ran-
dom walks S* and a Brownian motion B such that almost surely S*» — B
locally uniformly. The following theorem says that then also the associ-
ated excursion sets converge. In below, we identify the countable sets
=(S°") and =Z(B) with their associated counting measures as in (2.33)).

Theorem 2.18 (Scaling limit of excursion sets) Let ,, be positive con-
stants tending to zero, let S be the diffusively rescaled simple random walk
defined in and let B be a standard Brownian motion. Assume that these
random variables are coupled as in . Then the excursion sets Z(S") and

E(B) defined in almost surely satisfy

(1-¢)=57) — (1-¢)=(B) (2.37)

n—o0

for all local continuous ¢ : [0,00) x € — [0, 1].

Proof of Theorems and Let €, be positive constants tending
to zero. We fix a local continuous function g : & — [0,1] and a continuous
compactly supported function A : [0,00) — [0,1]. Then ¢(s,7) := h(s)g(n)
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defines a local continuous function ¢ : [0,00) x &€ — [0,1]. Applying Theo-
rem [2.18] using bounded pointwise convergence to interchange the integral
and the limit, we see that

E[(1— ¢)=(57)] — E[(1- $)=(B)]. (2.38)
By and , we can rewrite the left-hand side as
E[(1- )= =T] (1 - h(snk)E[g(eanEo)D.

k=0

By going to a subsequence, we can assume that

G, :=¢,'E[g(0-,E°)] — G €[0,00].

n—oo
We claim that then

n—oo
The claim is trivial if A = 0, so we assume h # 0 without loss of generality.

We use the concavity of the logarithm and Riemman sum approximation of
the integral to estimate

log E[(1 — qS)E(SEn)} = Zlog <1 — snGnh(snk)>

o0

< —Ghnen Y _h(enk) — =G [ h(t)dt.
k=0

n—o0 0

This already proves the statement when G = oo, so it suffices to prove the
other inequality under the assumption that G < co. Then ¢,G,, — 0 while
h <1, so

log (1 - 5nGnh(5nk)> — e, Goh(enk) + O(2).
Since h is compactly supported, only O(e;!) terms in the sum are nonzero,
so the claim follows easily. Using (2.38), we now see that the limit G has

to be the same for each subsequence, so for each local continuous function
g : € — [0, 1], there exists a constant v(g) € [0, 00| such that

5;1E[g(95nE0)] _ v(g). (2.39)

Formula ([2.38]) moreover tells us that for any local continuous g : € — [0, 1]
and continuous compactly supported h : [0,00) — [0, 1],

B[ T] (- hs)gm)] = e Jo” O,

(s,m)EZ(B)
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By Lemma , the set Z(B) is a.s. locally finite, so only finitely many
factors in the product are different from one. If A < %, then the product is
with positive probability positive, which proves that v(g) < oo for each local
continuous g : £ — [0, 1]. Combining this with (2.39)), we see that there must
exist a locally finite measure v on £ such that

v(g) = /g v(dr) g(m).

To complete the proof, it suffices to prove that =(B) is a Poisson point set
with intensity measure ¢ @ v. By Theorem [2.15| it suffices to show that

E[(1— ¢)=B)] = ¢~ Jy ds [er(dma(s, m)

for each local continuous ¢ : [0,00) x & — [0,1]. Our arguments so far
already show that this is true for ¢ of the form[] ¢(s,7) = h(s)g(m) with
local continuous g : € — [0,1] and continuous compactly supported h :
[0,00) — [0,1]. We again use and setting gs(m) := ¢(s,7), we write

log E[(1 — 6)=(57)] =3 log (1 _ E[gsnk(GEnEo)D,
k=0
where we can estimate

log (1 — E[gsnk(GEnEO)D = —¢, /V(dw)genk(ﬂ) + O(£2).

The claim then follows from Riemann sum approximation to the integral. B

2.7 Limits of excursion sets

In this section we provide the proofs of Lemma[2.17 and Theorem [2.18 which
are still missing.

Proof of Lemma and Theorem The main work is the proof
of Theorem [2.18f We will obtain Lemma as a side result. If the map
Co  f — Z(f) were continuous with respect to the sort of convergence we
are considering, then the statement of Theorem would be trivial. This
is not true, but we will show that if B is a Brownian motion, then the map

41 actually do not know if this is already enough to conclude that Z(B) is a Poisson
point set with intensity measure ¢ ® v.
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f — Z(f) is almost surely continuous in the point B € Cy, which is all we
need.

We will prove the following statement. Assume that f,, f € Cy satisfy
fn — f locally uniformly, that liminf, .., f(t) = —oo, and that =(f) is
concentrated on [0,00) x £. Then

(1= =) — (1-¢)=) (2.40)
for all local continuous ¢ : [0,00)xE — [0, 1]. Note that this is a deterministic
statement: the only way randomness enters our proof is in the fact that if B
is a Brownian motion, then almost surely liminf, ,,, B, = —o0o and Z(B) is
concentrated on [0, 00) x &, which follows from Theorem

Assume, therefore, that f,, f € Cy satisty f, — f locally uniformly,
that liminf, . f(t) = —oco, and that Z(f) is concentrated on [0, 00) x €. Let
(gn, hy) be defined in terms of f,, as in and let (g, h) be similarly defined
in terms of f. Let Z(h) denote the set of plateaus of h, i.e., an open intervals
of maximal length on which h is constant, and let Z(h,,) be the plateaus of
P

Let ¢ = (¢7,¢") € Z(h). Our assumption that Z(f) is concentrated on
[0,00) X & means that the function g is strictly positive on ¢. The locally
uniform convergence g, — g then implies that for each ¢ > 0, the function
g must be strictly positive on (¢~ + ¢,.T — ¢) for all n large enough. Since
h, increases only at times when g, is zero, this then implies that h, must be
constant on (v~ +¢&,t7 —¢).

On the other hand, since ¢ is a maximal interval on which A is constant,
h(t) < h(c™) for all t < = and h(eT) < h(t) for all /& < ¢. The locally
uniform convergence h,, — h then implies that for each £ > 0, the function
h,, is not constant on (.~ —e,1" +¢) for all n large enough. These arguments
show that for each plateau ¢ € Z(h) and for each ¢ < g¢ := (¢ —17)/3, there
exists an m(e) such that for all n > m(e), there exists a (clearly unique)
plateau j € Z(h,) with |35 — | < e. For n > m(gy), we let ¢, (1) := 7 denote
this plateau, and we define ¢, (¢) in an abritrary way for the remaining values
of n. Then clearly the left and right boundaries of the plateau ¢, (¢) satisfy

on(1)F — 0% (2.41)

Let (s,m) € Z(f) denote the excursion of g corresponding to the plateau

t, and let ¢, (s,m) € Z(f,) denote the excursion of g, corresponding to the

plateau ¢,(¢). Using the fact that g, — ¢g and h,, — h locally uniformly, we
see that

Un(s,m) —> (s,m) (2.42)

n—o0
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in the topology on [0, 00) X £.
For each S < oo and § > 0, let us set

Zss(h) == {t € Z(h) : h(4F) < S, o7 =1 > 6},

and define Zgs(h,,) similarly. We claim that for large n, the map ¢, is a
bijection from Zgs(h) to Zgs(h,) and hence 1, is a bijection from Zg5(f) to
Ess(fn). Let T :=sup{t : h(t) < S} and T,, := sup{t : h,(t) < S}. Then
T < oo by the assumption that liminf, ,, f(t) = —o0 and T,, — T by the
fact that h, — h locally uniformly. Since all plateaus ¢ € Zg s are contained
in [0,77, the set Zgs(h) can contain at most 7'/ elements and is therefore
finite. It follows from and that for large enough n, the map
¢n, maps the space Zgs(h) into Zgs(hy,). It follows immediately from our
definition of ¢,, that this map is also one-to-one for n large enough.

To see that it is moreover surjective for n large enough, assume that
conversely, for infinitely many values of n, there exists a 3, € Zgs(h,) that
is not the image under ¢,, of some ¢ € Zgs(h). Since 3, C [0,7T,], by going to
a subsequence, we can assume that 7= — j* for some interval 5. But then h
has to be constant on j, which implies that j C ¢ for some ¢ € Z(h). But this
implies that j, has nonempty intersection with ¢, (¢) for all n large enough,
which leads to a contradiction.

For S < oo and 4§, > 0, let us set

[1]

5575(]0) = {(S,?T) €
=5() ={(s.m) €

(f):s<S, Tﬂ>5},

(f):s<S, sup w(t)>e}.
0<t<7

(11

There is a one-to-one correspondence between Zg5(f) and Zg45(f). We have
just proved that the former is ﬁniteﬁ for each S and 9, and hence the same
is true for the latter. We claim that

Ve > 030 > 0s.t. Z5(f) C Ess(f) (S < 00). (2.43)

As before, let T := sup{t : h(t) < S}. Let mqs(f) be the modulus of continu-
ity defined in . If there exists a (s, 7) € Zg. such that (s,7) & Zg5(f),
then mrs(f) > . Now follows from the fact that by Lemma [1.26]
for each € > 0, there exists a 6 > 0 such that mqs(f) < e. By the same
argument, using the equicontinuity of the functions f,, which follows from

5This part of the argument used that liminf; ,,, f; = —oo and hence T := sup{t :
h(t) < S} is finite, but it did not need the assumption that Z(f) is concentrated om
[0,00) x E.
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the fact that f,, — f and The Arzela-Ascoli theorem (Theorem [1.27)), we see
that

Ve > 030 > 0s.t. Z5(fn) C Zs6(fn) (n>1, S <o0). (2.44)

We are finally ready to prove (2.40). Fix a local continuous function
¢ :]0,00) x £ = [0,1], and let A := supp(¢) be its support. We claim that
there exist 9,¢ > 0 such that

Vome AT, >§or sup m > €. (2.45)
0<t<7x

Indeed, if does not hold, then there exist m, € A with 7, < n~! and
SUPg<i<,. M < n~'. But then m, — o, the trivial excursion, which contradicts
the fact that A is closed with o ¢ A. Using and (2.44)), we see that
there exists a 6’ > 0 such that

{(S,ﬂ') €EZ(f):s<S, e A} CZss(f).
{(s,m) €E(fn) :5< S, me A} CEse(fn) (n>1).

Using and the fact that for large n, the map 1, is a bijection from the
finite set 254 (f) to Zgs(fn), we see that holds. This completes the
proof of Theorem [2.18

Along the way, we have established that if f € Cy satisfies liminf, . f; =
—o00, then the set

{(3,7?) €=Z(f):s< S, WGA}

is finite for each S < oo and A C & that is closed with o € A, proving
Lemma 2.17 |

2.8 Large random walk excursions

Let (R, K) = (Rp, K,,)n>0 be the reflected random walk from Section [2.3|and
let 7 :=inf{n > 0: K,, < K,41}. Note that since Ry = 0 = R, and up to
time 7, the reflected random walk R steps up or down in each time step, 7
is almost surely an even number. The path of the walk up to time 7

EO - (Rn)0§n§7'

is the first of the i.i.d. excursions (E¥)*N of (R, K) discussed in (2.20). In
Theorem [2.16], we have seen that the Brownian excursion measure v describes
the tail of the law of E, i.e., the small probabilities of very large excursions.
In the present section, our aim is to prove the following theorem.
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Theorem 2.19 (Scaling limit of large excursion) Let ¢, := 1/v/2n.
Then
P[0.,E° € -| 1o =2n] = 1y, (2.46)
n—oo

where vy is the law of the standard Brownian excursion, defined in Proposi-
tion [2.14.

Despite its apparent simplicity, the proof of Theorem [2.19| is quite tricky
and we will not completely prove it in this section. We will get quite close,
however, and indicate what needs to be done to complete the proof. We
want to use excursion theory to prove Theorem [2.19, This may seem natural,
but apparently a proof using this approach has been published only fairly
recently in [LeGI10, Thm 6.1]. That paper is concerned with a class of discrete
excursions that is more general than the one we consider, but also a bit
different so that Theorem is not formally included in [LeG10, Thm 6.1]
although it is very similar.

The proof of Theorem [2.19] needs some preparations. We say that a
measure p on (0,00) is locally finite if p([s, S]) < oo for all 0 < s < S < oc.
We say that a sequence of locally finite measures p, on (0,00) converges
vaguely to a limit p if

o0

/0 o)) — [ p(at) h)

n—oo 0

for all continuous compactly supported h : (0,00) — R. We postpone the
proof of the following simple lemma till later.

Lemma 2.20 (Integrals along paths) Let w,, 7 € II(R) be paths such that
I, =1[0,00) and I, C [0,00) for allm. Let p,,p be locally finite measures on
(0,00) such that p,, is concentrated on I, for each n. Assume that w, — 7
in the topology on path space II(R) and that the p, converge vaguely to p.
Then

| entaonm @) = [ ptantoreto
0 e Jo
for each continuous compactly supported h : (0,00) — R.

For each m € 2N := {2n : n € N}, we let 1, denote the conditional law
fm =P[O, m E° € |70 =m]. (2.47)

For any bounded continuous funtion g : & — R, we write

(timrg) = /g i) g(m).

We will need the following technical result, that we will not prove in this
chapter.
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Proposition 2.21 (Equicontinuity of conditional laws) Letg: & — R
be bounded and continuous. For each § € (0,1], let 7° € TI(R) be the path
defined by

L :=20°NN[l,00) and 7°(t):= (us=2,9) (t€ ). (2.48)
Then the paths {m° : § € (0,1]} are equicontinuous.

Proof of Theorem Let g : & — R be bounded and continuous and let
h : (0,00) — R be continuous and compactly supported. Define f: & — R
by

f(m) == h(1x)g(01)ymm) (7 #0),
with f(o) := 0. Then f is bounded and continuous with o & supp(f), so
Theorem 2.16] tells us that

S'E[f(0:E°)] — / v(dr) f(r). (2.49)
=0 Je
By Proposition , we can rewrite the right-hand side of as
[t 1w = r.0) [ staonce (250
0

where p is the measure in . We rewrite the left-hand side of as
5*1E[f(95E0)]
=6t Z P[ro = m]h(6°m)E[g(60, /m E°) ‘7‘0 = m]

me2N

= 571 Z P[TO = m}h(ézm) <Nm;g>7

me2N

where (f1,,, g) denotes the integral of g with respect to the measure p,, defined

in (2.47)). Using the definition

ps =0 P[ro = 2n]0ssn,

n=1

we can rewrite (2.49)) as
| pstatn® s aeg) — o) [ pnne. @)
0 —0 0

Assume that 6,, € (0, 1] satisfy 6, — 0. Applying (2.51) with g the function
that is constantly one and general h, we see that the measures ps, converge
vaguely to p as n — oo. Let

tn :=inf (202N N1, 00))
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and let m, € II(R) be the path defined by

(pt5-2¢, 9) ift > 1,

I, =20N and m,(t) = .
(Hos—20,,9) it <L

By Proposition [2.21], the paths 7, are equicontinuous. Since g is bounded
and p5-24, is a probability measure, there exists a compact set C' C R such
that m,(¢) € C for all n and ¢ € I, . Therefore, by the Arzela-Ascoli theorem
(Theorem [1.27), {7, : n € N} is a precompact subset of II(R). As a conse-
quence, by Lemma [I1.2] to show that the paths m, converge in the topology
on II(R) to a limit 7, it suffices to show that all cluster points of the sequence
7, are the same.

Assume that a subsequence ,(,) converges as m — oo to a limit 7 €
II(R). Then clearly I, = [0, 00). By Lemma [2.20}

[e.9]

/0 ) P, (d)h(t)mn(t) — [ p(dE)h(t)m (1) (2.52)

n—o0 0

for each continuous compactly supported h : (0,00) — R. Since the paths
7, are constant on [0, 1], their limit 7 must have the same property. If h :
(0,00) — R is continuous and compactly supported with supp(h) C [1, 00),

then combining (2.51)) with (2.52)) we see that
| ptaniomo = wg) [ otannto.
0 0

Since 7 : [0,00) — R is a continuous function, the measure p in has a
density with respect to the Lebesgue measure, and h is arbitrary, we conclude
that m(t) = (11,g) for all t > 1. Since 7 is constant on [0, 1], this equality
extends to ¢t > 0. This proves that the only cluster point of the sequence 7,
is the constant path

ﬂ-(t): <V17.g> (tZO)a
and hence by Lemma T, — 7 in the topology on II(R). This clearly
implies ([2.46)), so the proof is complete. |

We conclude this chapter by providing the proof of Lemma [2.20]
Proof Lemma [2.20 We claim that

sup | m,(t) — w(t)] — 0 (T < 00).
t€[0,T)N Iy, n—o0

This can be proved directly by the same sort of arguments as used in the last
paragraph of the proof of Lemma Alternatively we can extend m, to
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[0,00) by linear interpolation and constant extrapolation and use Exercises
[1.23]and [I.24] to see that the extended paths also converge to 7 in the topology
on II(R). Then Lemmall.22]implies that the extended paths converge locally
uniformly to 7, which implies the claim.

Choosing T large enough such that supp(h) C [0,7] and setting

En = sup ‘ﬂ-n(t) - ﬂ-(t> )
te[0,T)N 1,

we can now estimate

[ taommo - [ pannon)

< gn/ puld8)|1(8)] + ‘/ pu(dD)R(E)(t) —/ ()R (1)
’ ’ (2.53)
Here the second term on the right-hand side tends to zero since t — h(t)m(t)
is a continuous compactly supported function and p, — p vaguely. Since
t — |h(t)] is also a continuous compactly supported function, we moreover
have that

| entanlnol — [ st |ace)]
0 0

which shows in particular that

n—oo

lim sup /000 pn(dt)|[h(t)] < oo

and hence the first term on the right-hand side of (2.53)) tends to zero. W
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Chapter 3

The tree

3.1 Graphs

By definition, a graph is a pair G = (V, E) where V' is a set and E is another
set whose elements are subsets of V' containing precisely two elements. A
finite graph is a graph for which V' (and hence also F) are finite. Elements
of V' are called vertices and elements of E are called edges. Two vertices v, w
are called adjacent if {v,w} € E. The number of vertices w that are adjacent
to v is called the degree of the vertex v. A graph isomorphism between two
graphs G = (V. E) and G' = (V', E’) is a bijection ¥ : V' — V' such that
{Y(v),¥(w)} € E"if and only if {v,w} € E. If such an isomorphism exists,
the graphs are called isomorphic. A subgraph of G = (V,E) is a graph
G' = (V', E’) such that V' C V and E' C E.

Two vertices v,w € V are disconnected if there exists a subset W C V
such that v € VAW, w € W, and {v/,w'} & E for all v/ € V\W and v’ € W.
Two vertices that are not disconnected are called connected. We write v «~ w
if v is connected to w. It is easy to see that «~ is an equivalence relation on
V. The equivalence classes are called the connected components of G.

A cycle is a nonempty finite connected graph in which each vertex has
degree precisely two. A tree is a nonempty connected graph G that does not
contain cycles, i.e., there exists no subgraph G’ of G that is a cycle. A path
is a finite tree in which each vertex has degree at most two.

If G = (V,E) is a path, then we can enumerate the elements of V' as
V =A{vo,...,v,} withn >0 and vy # v, for all 0 < k < < n, in such a way
that F = {{vk_l, v} o 1 <k <n}. The integer n is called the length of the
path and vy and v, are called its endvertices. If G = (V, E) is an arbitrary
graph and v,w € V, then a path connecting v and w is a subgraph G’ of G
such that G’ is a path and v and w (which may coincide) are its endvertices.

93
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A walk in a graph is an ordered sequence (vy,...,v,) of vertices with
n > 0 such that {v;_1,v,} € E for all 1 < k < n. Note that contrary to
paths, walks can pass more than once through the same vertex. We call n
the length and we call vy and v,, its endvertices. We also say that the walk
connects vy and v,,.

The graph distance d(v,w) between two vertices v, w € V' is the length of
the shortest walk connecting v and w if such a walk exists, and d(v, w) := oo
if there does not exist a walk connecting v and w. One can check that d
is a metric on V' and d(v,w) < oo if and only if v and w are connected.
Each walk of length d(v,w) connecting v and w is actually a path. A graph
G = (V,E) is a tree if and only if for each v,w € V, there exists a unique
path connecting v and w.

3.2 Random trees

A rooted tree is a tree T' = (V, F)) with one specially marked vertex @ € V|
which is called the root. Two rooted trees T' = (V, E) and T = (V', E')
are called isomorphic if there exists a graph isomorphism v : V' — V' that
preserves the root, i.e., (&) = &. In a rooted tree, for each {v,w} € E,
either d(0,v) = d(0,w) — 1 or d(0,v) = d(0,w) + 1. In the first case, we say
that w is a child of v and in the second case, we say that w is the parent of
v. Note that parents are unique. Vertices without children are called leaves.
When we make a picture of T, we draw the root at the bottom and we
draw the children of a vertex above the vertex[l] The children, together with
all their children and their children, recursively, are called the descendants
of a vertex. Similarly, the parent, the parent of the parent, and so on are
collectively called the ancestors of a vertex.

A labeled tree is a triple T' = (V, E, ) where (V,E) is a treeand [ : V —
L is a one-to-one map that assigns to each vertex v € V a unique label
[(v) € L, where L is some fixed label set. Two labeled trees T' = (V, E.I)
and 7" = (V' E’|1) are called isomorphic if there exists a graph isomorphism
¥ 1V — V' that preserves the labels, i.e., I'(¢(v)) = l(v) for all v € V. The
simplest way to attach labels to the vertices of a tree is to simply enumerate
them. A tree with vertex set of the form V' = {0, ..., n} is called a cladogram.
We set

T, :={T: T is a cladogram with n + 1 vertices}. (3.1)

Naturally, we can view cladograms as rooted trees, with 0 playing the role

I This is a difference between mathematics and computer science. In computer science,
the root of a tree sits at the top and the leaves at the bottom of the tree.
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of the root. Cayley’s formula says that |T,| = n""1.

Another natural way of attaching labels to the vertices of a rooted tree
is as follows. Let T denote the space of all finite words i = iy ---i, (n € N)
made up from the alphabet N, = {1,2,...}. We denote the length of a word
i=14y---i, by |i| :==n and let @ denote the word of length zero. We define
the concatenation ij of two words i,j € T withi=14y---4,, and j=71---J,
by ij := 4141 Jn- A plane tree is a nonempty subset U C T with the
following properties:

(i) ifiy- i, € Uand n > 1, then iy - -i,_1 € U,
(ii) if iy -+ -in € U and 4, > 1, then iy - -~ in_1(ip — 1) € U.

For each word i = 4y ---4, € T with length n > 1, we write T =0l
Then condition (i) says that i € U for all i € U\{@}. Note that (i) implies
that @ € U. We view U as a rooted tree tree with root @ and set of edges

E:={{ii}:icU\{z}}. (3.2)
Because of condition (ii), for each i € U, there is a x; € N such that
ijeU ifandonlyif 1<j <k;. (3.3)

When we make a picture of U, above each vertex i, we draw its children
il,...,ik; ordered from left to right. Note that in general, when we draw a
rooted tree, there is no prescribed order in which to draw the children of a
vertex. Therefore, there are different ways of drawing the same rooted tree
in the plane. There is (essentially) only one way of drawing a plane tree in
the plane, which explains their name. We set

U, := {U: U is a plane tree with n + 1 vertices}. (3.4)

We will be interested in random rooted trees. A natural way to create a
random rooted tree with n+ 1 vertices is to first pick a cladogram at random
according to the uniform distribution on the set 7, of all cladograms with
n + 1 vertices, and then forget about all labels except for the label 0 of the
root. Another way is to choose a random plane tree with n 4+ 1 vertices
according to the uniform distribution on U, and then again forget about all
labels except for the label 0 of the root. It is easy to check (for example
for n = 4) that these two procedures are not equivalent, i.e., they lead to
different distributions on the set of all (non-isomorphic) rooted trees with
n + 1 vertices.
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Branching processes also provide a natural way to construct random trees.
Let p = (pr)k>0 be a probability distribution on N, and let (xi)ier be i.i.d.
with common law p. Then

U:= {il i € T g < Kyyoy, VI< K< n} (3:5)

defines a random plane tree. We call this the Galton-Watson tree with off-
spring distribution p = (pg)r>o. If U is such a Galton-Watson tree, then
setting

X, =|{ieU:i| =n}| (n>0) (3.6)

defines Galton- Watson branching process (X, )n>o with initial state X, = 1.
Let

(p) == pik (3.7)
k=0

denote the mean of the offspring distribution. A branching process is called
subcritical if (p) < 1, critical if (p) = 1, and supercritical if (p) > 1. It is
well-known that, excluding the trivial case that p; = 1, a Galton-Watson tree
U is a.s. finite if and only if the branching process is subcritical or critical.

There is a convenient way of coding plane trees in terms of random walk
excursions. By definition, a contour function (also called Dyck path) of length
2n is a function f: {0,...,2n} — N such that

f0)=f(2n)=0 and |f(k)—f(k—1)|=1 (0<k<2n). (3.8)

We set
D, = {f : f is a contour function of length Qn}. (3.9)

By definition, a discrete interval is a set of the form
Lor]={l,...;r}={ke€Z:1<k<r} (3.10)

with I,r € Z. Fix f € D,. We extend f to [-1 : 2n + 1] by setting
f(=1)= f(2n+ 1) := —1. For each height h € N, we let

Tn={[l:r]: f(k) >hVI<k<r fl-1)=h—-1=f(r+1)} (3.11)
be the set of all maximal discrete intervals on which f > h. We view the set
Vi={(,h):h>0, I €L} (3.12)

as the vertex set of a tree T'(f) = (V, E) with edge set

E:={{{,h),Jh+1)}: 1€y, JELy, JCI}. (3.13)
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We equip T'(f) = (V, E) with the structure of a rooted tree with root & :=
([0 : 2n],0). The children (J;,h+1),...,(Js,h + 1) of a vertex (I,h) € V
are naturally ordered from left to right, so we can naturally equip 7'(f) with
the structure of a plane tree. Let U(f) denote the resulting plane tree. It is
not hard to see (picture!) that the map

D, > f=U((f) eU, (3.14)

is a bijection, i.e., for each plane tree U with n + 1 vertices there exists a a
unique contour function f of length 2n such that U = U(f). We call f the
contour function of U.

Lemma 3.1 (Geometric offspring distribution) Let 0 < p < 1 and let
U be a Galton-Watson tree with offspring distribution p, = p*(1—p) (k > 0).
Then

P[Ue -||Ul =n+1] (3.15)

is the uniform distribution on U, .

Proof Let X = (Xj)r>0 be a random walk on Z with X, = 0 and transition
probabilities

IP’[XnH :a:+1|Xn:a:} =p, ]P’[XnH zx—lan:x} =1-—p. (3.16)
Define a random variable N with values in NU {cco} by
2N +1:=inf{k>1:X, =—1}. (3.17)

On the event that N < oo, let F' be the random element of the space Dy of
contour functions of length 2N defined by

F(k) = X} (0 <k <2N). (3.18)
Then
P[(N,F)=(n,f)] =p"(1=p)"*'  (n>0, fe€D,), (3.19)

where we have used that up to the time 2/N 4+ 1, the random walk X makes
N upward jumps and N + 1 downward jumps.

Now let U be a Galton-Watson tree with offspring distribution p; =
pF(1—p) (k> 0), and let U € U, be a fixed plane tree U with n + 1 vertices.
Let x; denote the number of children of i € U. Then using the fact that
> icu ki = n, we see that

P[(N,U) = (n,0)] = [P (1 —p) =p"(1=p)""  (n>0, U €lUy).

(3.20)
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Comparing this with our previous formula, we see that the conditional law
of U given that U is finite is equal to the conditional law of U(F’) given that
the random variable N defined in (3.17)) is finite.

Since the right-hand sides of and depend only on n and not
on f or U, respectively, we see that the conditional law of U(F') given N = n
is the uniform distribution on U,,. [ |

For cladograms, a similar result to Lemma [3.1] is known to hold if the
geometric distribution is replaced by a Poisson distribution with mean one.

For each n > 0, let U,, be a random plane tree with n+ 1 vertices, chosen
according to the uniform distribution on U,. We will be interested in the
shape of the tree U,, when n is large. In Section ?? below, we will prove
that the trees U, properly rescaled, converge in distribution to a continuum
random tree whose contour function is the standard Brownian excursion. To
formulate this properly, in the next sections, we start studying continuum
trees.
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